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The aim of the study is to develop a multilevel model of artificial intelligence adoption in enterprise marketing that combines an original typology of maturity
levels, an econometric substantiation of the dependence of the economic effect on the level of implementation, and a forecast of the Ukrainian market structure
through 2030. The methodological basis comprises systemic and comparative analysis, econometric modeling, and multi-source triangulation of empirical data
drawn from the Al Focus 2026 study (216 Ukrainian enterprises), the Boston Consulting Group (1.250 executives) and PwC (4.454 executives) reports, and statis-
tics from Stanford HAI and Eurostat. A four-level maturity scale is proposed — fragmentary, functional, integrated, and transformational - aligned with leading
international frameworks and adapted to marketing specifics. The integrated economic effect index rises from 0.148 at the fragmentary level to 0.684 at the
integrated level, while the decay of the marginal increment reveals the logistic rather than exponential nature of the process. The gap between the extreme
levels in the share of enterprises reporting a significant positive effect reaches 10.6 times. Triangulation across a combined sample of about 5.920 enterprises
confirms the robustness of the maturity—outcome relationship, with an advantage coefficient from 1.4 to 10.6, interpreted as a self-reinforcing cycle of capabil-
ity accumulation. The calibrated logistic model forecasts the global share of mature enterprises approaching 78% by 2030, with the Ukrainian market following
the same trajectory at a lag of about one year. The barrier transition coefficient (0.662) quantifies a high threshold of movement between levels dominated by
technological and economic obstacles. The practical value consists in providing enterprises with a measurable self-assessment apparatus and in substantiating
the priority of investment in tool integration over their mere accumulation. It makes sense to focus further research on industry verification of the model and
refining the parameters of the transformational level.
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KobepHtok C. 0. bazamopigHesa modenb adonyii wmy4Ho20 iHmenekmy e mapkemuHeoeiii dianbHocmi nionpuemcme:
eKoHoMempuYHUli aHani3 egheKmy 8 yMoBaX YKPAIHCbKO20 PUHKY

Memoto docnioxneHHs € po3pobneHHs bazamopieHesoi modeni adonuii wmy4yHo20 iHMenekmy 8 MapkemuH2o8ili disabHOCMI NIONPUEMCMS, AKA NOEOHYE
a8MopPCbKy Munonoeito piHie 3pinocmi, ekoHomempuyHe 06r'PyHMYBAHHA 30AEXHOCMI eKOHOMIYHO20 ehekmy 8i0 pieHs 8MPOBAOHEHHS MA NPO2HO3Y-
8AHHA CMPYKMYpPU YKPAiHCbKO20 PUHKY Ha 20pu3oHm 2030 p. MemodosnoziyHy ocHO8y cmaHo8ASMb cucmemHull i MoPiBHAAbHUL aHAI3, eKOHOMEMPUYHe
MO00en08aHHA ma bazamodiepensHa mpiaHayayis emnipuyHux 0aHux. EmnipuyHa 6asa oxonawe docaionerHHs Al Focus 2026 (216 ykpaiHceKux nionpu-
emcme), 36imu Boston Consulting Group (1 250 kepieHukis), PwC (4 454 KepisHuku), a makox cmamucmuky Stanford HAl ma Eurostat. 3anponoHo8aHo
yomupupigHesy WKasy 3pinocmi — gpaemermapHuli, hyHKUioHanbHU, iHMe2posaHuli ma mpaHcopmauiliHul pieHi — y32003#eHy 3 NPOBIOHUMU MiX(-
HapoOHUMU pamkamu Ui adanmosaHy 00 MapKemuH2080i cneyudiku. Po3paxosaHo iHmezpansHuli iHOeKc ekoHoMIYHo20 echekmy, AKul 3pocmac gid 0,148
Ha gppaemeHmapHomy pigHi 00 0,684 Ha iHMe2poBAHOMY, MPUYOMY 320CAHHA 2PAHUYHO20 NMPUPOCMY 3aCBi0YYE n02icmu4Hy Npupody npoyecy. Po3pus mixe
KpalHimu pigHAMU 30 YaCMKOI MiONPUEMCME 3i 3HAYHUM Mo3umueHUM egpekmom cseae 10,6 paza. bazamoodxepensHa mpianeaynauis Ha cykynHil subipyi
6au3sbko 5 920 nionpuemcme nidmeepduna cmilikicme 3anexHocmi «3pinicme — pesyabmam» 3 KoegiuieHmom nepesaau 6id 1,4 do 10,6, wio iHmepnpemy-
€EMbCA AK BUAB CAMONIOCUMIOBANBHO20 YUK/Y HAKOMUYEHHS cnpomoxcHocmedl. JlozicmuyHa modens adonyii, KanibposaHa Ha PeasnbHUX YaCo8UX MOYKaX,
MPO2HO3YE 3pPOCMAHHSA C8iM0oB0I Yacmku 3pinux nionpuemcms 0o npubausHo 78 % do 2030 p.; yKpaiHCbKUL PUHOK PYXAEMbCS MI€EK CAMOK MPAEKMOPIEID
3 gidcmasaHHAM npubnusHo Ha 1 pik. 064ucneHo 6ap’epHuli KoeiyieHm nepexody (0,662), wo 8i006paXaE 8UCOKUL Mopi2 PyXy M PiBHAMU 3 OOMIHY8aH-
HAM MeXHOM02iYHUX MA eKOHOMIYHUX nepewKod. [TPaKMUYHa YiHHicme pobomu nonfAezae 8 HAOAHHI NIGMPUEMCMBAM BUMIPHOBAHO20 ANAPAMY CAMOOYiHKU
ma 0brpyHmysaHHi npiopumemHocmi iHgecmuuyili y iHmezpauyito iHcmpymeHmie HaO ix mMpocmum HakonuyeHHAM. [100anbwi 0ocaioHeHHs doyinbHO 30ce-
pedumu Ha 2any3esili sepugpikayii Modeni ma ymoyHeHHi napamempie mpaHcGopmayiliHo2o pieHs.

Knrovosi cnosa: wmyyHuli iHmenekm; mapkemune; 3pinicme adonuii; ekoHoMempuyHe MOOeM0BAHHSA; N02ICMUYHA KPUBA; eKOHOMIYHUL epekm, bap’epu
8MpPOBaOHEHHS; YUhposa mpaHcgopmayis.
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INTRODUCTION

The global artificial intelligence (AI) market ex-
pands at an unprecedented pace. The average annual
growth of private investment in these technologies
over 2013-2025 reached 46.5%, and in 2025 their vol-
ume hit a record 344.7 billion USD, up 128.6% year
on year [1]. Organisational deployment of intelligent
tools has spread to 88% of companies worldwide, with

use Al or plan to develop its use — yet the transi-
tion from experiments to a systemic effect proceeds
slowly [1]. This mismatch between the scale of de-
ployment and the quality of the outcome indicates
that the decisive factor is not the fact of tool use as
such but the level of maturity of their integration
into business processes.

Earlier studies laid the structural foundation of

productivity gains in marketing teams from genera-
tive models reaching 72% [2]. Marketing together with
sales consistently ranks among the functions with the
highest value-creation potential, which makes this do-
main a priority area of the intelligent transformation
of business.

he spread of the technology outruns its finan-
cial return, and this gap remains the key unre-
solved problem. Only 12% of companies have
simultaneously achieved revenue growth and cost
reduction from Al, whereas 56% report no tangible
financial effect; organisations with a mature techno-
logical foundation obtain a substantial return three
times more often [3]. European statistics confirm the
unevenness of the process: intelligent technologies are
used by only 20% of EU enterprises, with a range from
5.2% to 42% depending on the country [4].
The Ukrainian market stands out for its high
declared engagement — 93.1% of companies already
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this line of research — the architecture of integrated
Al-based marketing systems and a comprehensive sys-
tem of metrics for monitoring their effectiveness [5;
6]. The logical continuation is a dynamic model that
describes an enterprise’s transition between maturity
levels and quantifies the dependence of the economic
effect on the level attained.

LITERATURE REVIEW

The theoretical basis for studying technology
diffusion remains the theory of innovation diffusion,
which describes adoption through successive catego-
ries of adopters and accounts for the S-shaped form of
the adoption curve [7]. This framework sets the logic
of the uneven, stage-based character of technological
change. At the same time it was formed to describe
a single act of product adoption, whereas intelligent
tools require the prolonged accumulation of organisa-
tional capability and therefore call for a revision of the
classical model toward stages of maturity.
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ontemporary applied research closes this gap

through the maturity concept. A four-stage

model of corporate Al maturity has been pro-
posed, in which an enterprise’s financial indicators im-
prove consistently with the transition to higher stages
[8]. A comparable four-level scale underpins a study of
1,250 executives, which records a twofold advantage of
mature companies in revenue growth rates [9)].

The concentration of the effect within a narrow
group of the most mature companies is a recurring mo-
tif of industry analytics: amid the spread of Al across
the majority of organisations, only about 6% of them
achieve a tangible impact on operating profit [10]. The
maturity approach is acquiring the status of a domi-
nant research framework. Yet the available models are
largely descriptive — they record the dependence of the
effect on the stage but do not offer its quantitative ex-
pression suitable for forecasting and practical applica-
tion.

Al in marketing has been addressed system-
atically in the international literature. A systematic
review of more than five hundred publications from
2015-2023 outlined the principal directions — person-
alisation, predictive analytics, and the automation of
communications [11]. A distinct body of work is de-
voted to intelligent conversational agents as a tool of
marketing interaction [12]. These studies form a func-
tional map of applications but largely abstract from the
question of economic efficiency and the stage-based
character of implementation.

Ukrainian scholarship actively develops this
topic. A model of an enterprise Al implementation
strategy has been proposed, and the challenges and
opportunities of intelligent technologies for business
have been systematised [13; 14]. The integration of
digital tools into marketing processes and the atten-
dant implementation barriers have been examined
[15], as have the directions of Al application in digital
marketing and social media [16; 17]. Separate works
generalise cases of Al use by Ukrainian companies and
the sectoral specifics of digital marketing in Ukraine
[18; 20].

Despite the substance of these studies, the quan-
titative modelling of the relationship between the level
of adoption maturity and the economic effect on a
verified empirical base remains outside researchers’
attention. Filling this gap defines the research niche
and the direction of the present work.

AIM, RESEARCH QUESTIONS
AND HYPOTHESES

The aim of the study is to develop a multilevel
model of AI adoption in enterprise marketing that
combines an original typology of maturity levels, an
econometric justification of the dependence of the
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economic effect on the level of implementation, and
a forecast of the Ukrainian market structure through
2030 on a verified empirical base.

The study is guided by three research questions.
The first asks whether the economic effect of Al in
marketing depends on the level of adoption maturi-
ty rather than on the fact of use as such. The second
concerns the functional form of the maturity-effect
relationship and whether it indicates saturation. The
third addresses the adoption trajectory and the 2030
market structure that Ukraine follows relative to the
global one.

Three hypotheses are tested accordingly. The
first (H1) states that the integrated economic effect
increases monotonically with the maturity level, with
a decaying marginal increment that indicates a logistic
rather than an exponential process. The second (H2)
holds that the maturity—outcome relationship is ro-
bust across independent samples and markets, which
points to a self-reinforcing mechanism rather than a
sampling artefact. The third (H3) maintains that the
transition between levels is constrained by a measur-
able barrier threshold dominated by technological and
economic obstacles.

chieving the aim entails generalising theoreti-
Acal approaches to modelling technology adop-

tion; developing a four-level maturity scale
with a justification of transition criteria; building an
econometric model of the dependence of the prob-
ability of a significant effect on the level of implemen-
tation; determining the integrated barrier transition
coefficient; forming a forecast of the enterprise struc-
ture by adoption level through 2030; and developing
practical recommendations for the transition to higher
maturity levels.

METHODS

The methodological design combines systemic
and comparative analysis, econometric modelling, and
multi-source triangulation. The classical theory of in-
novation diffusion treats adoption as a one-off transi-
tion of an agent from the state of «does not use» to the
state of «uses» [7]. For intelligent tools this dichotomy
loses explanatory power: an enterprise may formally
apply generative models without obtaining a measur-
able result. The depth of integration of the technology
into marketing processes becomes decisive, which
requires replacing the binary logic of adoption with a
continuum of maturity.

The proposed model treats Al adoption as the
sequential passage through four levels, each differing
in the character of tool use, organisational provision,
and attainable economic effect. The first three lev-
els are empirically calibrated on data from a study of
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Ukrainian business [1]; the fourth describes a target
state whose parameters are established through the
forecast saturation of the adoption curve and verified

against the indicators of leading companies from in-
dependent sources [3; 9]. The structure of the scale is
given in Table 1.

Table 1
Four-level scale of Al adoption maturity in marketing
Level Name Character of Al use Organisational provision Share, %

L1 Fragmentary Ep|sod|c use of individual tools Employge initiative, no budget 250
without a strategy or metrics

12 Functional Regular use in separate marketing Rgsppnmble persons, budget 59
processes within the function
Embedding into end-to-end Cross-functional coordination,

13 Integrated processes, integration with CRM/BI | KPI system 389

La Transformational Al defines the marketing business Stratgglc owner.sh.lp, . forecast
model, autonomous agents continuous optimisation

Source: compiled by the author; the distribution of enterprises is from [1].

he empirical base comprises four independent
I sources. The Al Focus 2026 study covers 216
Ukrainian enterprises and provides the prima-
ry distribution of enterprises by maturity level and by
the character of the economic effect [1]. The Boston
Consulting Group report (1,250 executives) and the
PwC survey (4,454 executives) supply cross-market
benchmarks of the leaders’ advantage [3; 9]. Statis-
tics from Stanford HAI and Eurostat frame the in-
vestment dynamics and the cross-country breadth of
adoption [2; 4]. The combined sample of about 5,920
enterprises underpins the triangulation, whose pur-
pose is to establish whether the maturity—outcome re-
lationship reproduces across heterogeneous samples
and methodologies rather than being an artefact of
a single dataset.

Three model specifications are introduced. The
integrated economic effect index (IEE) collapses the
distribution of companies by the character of the ef-
fect into a single indicator. Each response category
is assigned a weight reflecting its contribution to the
result, after which the weighted sum is normalised by
the share of definite responses:

1.0-a+0.5-b+0.1:¢+0.0-d

IEE= , (1)
at+b+c+d

where a, b, ¢, d are the shares of enterprises reporting,
respectively, a significant positive, moderate positive,
minor, and absent economic effect; the «hard to an-
swer» and «other» categories are excluded from the
normalisation.

To verify that the relationship is not an artefact
of a single sample, the maturity premium (MP) is in-
troduced as the ratio of the target indicator for mature
enterprises to its value for less mature ones:
_ X(mature)

MP= .
X(less mature)

)
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The dynamics of adoption are described by a lo-
gistic function that captures the initial acceleration,
the inflection point, and saturation:

A) K

T lve(—r(t-t,)) ®)

where A(t) is the share of enterprises that have reached
the integrated level (L3 and above) at time £; K is the
limiting share (the saturation asymptote); r is the adop-
tion rate; and t, is the year of the inflection point.

The barrier transition coefficient (BTC) quanti-
fies the intensity of the obstacles that restrain move-
ment along the S-curve as the normalised weighted
value of the shares of enterprises facing substantial
obstacles:

BTC=Y(b-w,). (4)

where b, is the share of enterprises that named the i-th
barrier (in unit fractions) and w, is the barrier weight
(with equal weights w, = 0.25).

The calculations were performed in a spread-
sheet environment; the logistic parameters were cali-
brated on real temporal observations rather than fitted
to a single cross-section.

RESULTS AND DISCUSSION

Integrated economic effect and the maturity pre-
mium. The distribution of companies by the character
of the effect, converted into the IEE by formula (1), is
presented in Table 2.

The index grows monotonically (0.148 = 0.444
—0.684), yet the growth rate decays: the L1 = L2 tran-
sition triples the index (x3.01), whereas L2 —= L3 raises
it only 1.54-fold. The decay of the marginal increment
is a direct empirical sign of approaching saturation,
which justifies the use of a logistic rather than an expo-
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Table 2

Calculation of the integrated economic effect index by maturity level

Level a (signif.) b (moder.) ¢ (minor) d (none) Weighted sum | Base IEE
L1 3.7 9.3 315 333 11.50 77.8 0.148
L2 11. 524 7.9 14.3 38.09 85.7 0.444
L3 39.3 345 48 48 57.03 83.4 0.684

Source: calculated by the author from [1].

nential function at the subsequent modelling stage and
confirms hypothesis H1. A graphical interpretation of
the scale with the accumulation of the economic effect
as maturity grows is given in Figure 1.

Category

L1 — Fragmentary (share 25.0%) J% 0,’48

To ensure that the detected relationship is not
an artefact of a single sample, the maturity premium
computed by formula (2) across independent sources
is given in Table 3.

L2 — Functional (share 29.2%)

L3 — Integrated (share 38.9%)

0,684

L4 — Transformational (forecast)

0,85

0,0 0,2

T T T
04 0,6 038
Economic Effect Index (IEE)

Fig. 1. Four-level scale of Al adoption maturity in marketing

Source: constructed by the author; the IEE values are calculated from [1].

Table 3
Maturity premium by independent sources
Indicator of the leaders’ advantage Al Focus [1] BCG[9] PwC[3]
Share with a significant (substantial) effect 10.6 - 3.0
Revenue growth - 1.7 23
Cost reduction - 1.4 1.7
EBIT margin - 1.6 ~1.3

Source: calculated by the author from [1; 3; 9]

VI' hree independent samples with a combined
size of about 5,920 enterprises (216 + 1,250 +
4,454) record the same direction: mature enter-
prises outperform less mature ones across all financial
metrics with a coefficient from 1.4 to 10.6. The conver-
gence of estimates obtained on different markets and
by different methodologies allows the “maturity level =
economic effect” relationship to be treated not as a sta-
tistical accident but as a stable regularity with a causal
mechanism: the reinvestment of early returns into the
further development of capabilities forms a self-rein-
forcing cycle, which supports hypothesis H2 [9].
Logistic adoption dynamics and the forecast
through 2030. The decay of the marginal IEE incre-
ment points to the logistic character of the process;
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the spread of mature practices is described by the S-
shaped function (3). The parameters are calibrated on
real temporal observations: the global share of mature
companies rose from 26% in 2024 to 40% in 2025 [9],
while the Ukrainian advanced-level indicator stood at
38.9% in 2026 [1]. Setting the limiting share K = 80% -
the level at which intelligent tools become an industry
norm for the majority of enterprises — and locating
the inflection of the global trajectory at 2025 yields r =
0.731 and t, = 2025. The adoption trajectories with the
forecast are shown in Figure 2.

The model forecasts the growth of the global
share of mature enterprises to approximately 78% by
2030. The Ukrainian indicator of 38.9% in 2026 cor-
responds to the global level of late 2024-early 2025,
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Share of mature
enterprises (L3+), %
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Fig. 2. Logistic trajectory of Al adoption with a forecast through 2030

Source: constructed by the author; calibration from [1; 9].

which means a lag of about one year while the same
movement trajectory is preserved. If the current pace
holds, the share of Ukrainian enterprises at the inte-
grated level will reach about 76% by 2030, which an-
swers the third research question. The adoption rate
r = 0.731 corresponds to a doubling period of mature
practices of roughly one year on the ascending part of
the curve, consistent with the unprecedented pace of
investment in the sector [2].

he forecast redistribution of the marketing

effect follows directly from this dynamics:

since the significant positive effect concen-
trates at the higher maturity levels, increasing the
share of integrated enterprises implies a multiple
growth of the market’s aggregate return from intel-
ligent tools. The contrast of the effect across levels is
shown in Figure 3.

Share, %

45
40
35
30
25
20
15

10
5 3,7

B2, |
L1 L2 L3
Fragmentary  Functional Integrated

Category

Fig. 3. Share of enterprises with a significant positive
effect by maturity level

Source: constructed by the author from [1].
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2027

= [ Ukraine (model, lag ~1 year)

2028 2029 2030 Year

The gap between the extreme levels reaches 10.6
times: the transition from fragmentary to integrated
use raises the share of enterprises with a significant ef-
fect from 3.7% to 39.3%. This quantitatively confirms
the thesis that economic return is created not by the
fact of applying intelligent tools as such but by the
depth of their integration into marketing processes,
which provides an affirmative answer to the first re-
search question.

Barrier transition coefficient. The transition of an
enterprise to a higher maturity level is restrained by
a set of barriers whose intensity determines the pace
of movement along the S-curve. Their structure and
the coefficient computed by formula (4) are given in
Table 4.

The value BTC = 0.662 indicates a high transition
threshold: on average about two-thirds of enterprises
encounter each of the leading barriers. Obstacles of
a technological and economic nature dominate — the
complexity of integration with existing systems (73.6%)
and the high cost of implementation (71.8%) — where-
as organisational unreadiness plays a smaller though
still substantial role (55.6%). The shortage of qualified
specialists (63.9%) also appears as a leading obstacle
in global studies [10; 19], which points to a universal
rather than a purely national character of the person-
nel deficit and supports hypothesis H3. The barrier
profile is shown in Figure 4.

comparison of two indicators provides indirect
confirmation of the model’s causal mechanism:
the share of enterprises that encountered no
barriers (35.6%) is close to the share of advanced-level
enterprises (38.9%). The attainment of the integrated
maturity level is accompanied by the overcoming of
key obstacles, which is consistent with the logic of the
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Table 4

Structure of adoption barriers and calculation of the transition coefficient

Barrier type Specific barrier Share, %
Technological Complexity of integration with existing systems 73.6
Economic High cost of implementation 71.8
Technological Shortage of specialists or technical expertise 63.9
Organisational Business unreadiness due to low digitalisation 55.6

- Integrated coefficient BTC 0.662

Source: calculated by the author from [1].

Category
T l I l

Integration complexity

High implementation cost

Shortage of specialists

Business unreadiness

| 55l6

No barriers encountered

35,6

0 10 20 30

40 50 60 70 80

Share of enterprices, %

Fig. 4. Profile of Al adoption barriers in marketing

Source: constructed by the author from [1].

self-reinforcing cycle. The passability potential, com-
puted as the complement of the coefficient (1 - BTC
= 0.338), delineates the reserve of enterprises capable
of transition provided that technological and financial
constraints are removed in a targeted manner.

DISCUSSION AND LIMITATIONS

The findings align with the industry observation
that a tangible operating-profit impact is reached by
only a narrow group of the most mature companies
[10], and extend it by giving the maturity—effect rela-
tionship a quantitative form and by verifying it through
independent-source triangulation. A comparison with
the descriptive maturity models [8; 9] shows that the
proposed apparatus adds a calculable index and a cali-
brated adoption curve, moving from the statement of a
dependence to its measurement and forecasting.

he study has several limitations. The data are
cross-sectional rather than longitudinal, so the
causal mechanism is inferred from the conver-
gence of independent estimates rather than proven
directly. The parameters of the transformational level
(L4) rest on the forecast saturation of the curve rather
than on observed values, since a representative mass of
L4 enterprises has not yet formed. Triangulation com-
bines samples of different sizes and methodologies,
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which yields a directional convergence rather than a
pooled statistical estimate. The Ukrainian base rests
on a moderate self-reported sample of 216 enterprises,
which sets the boundary of generalisation and defines
the direction of subsequent verification.

CONCLUSIONS

The study of Al adoption in marketing confirmed
that the decisive factor of economic return is not the
use of intelligent tools as such but the level of their
integration into business processes. The proposed
four-level maturity scale is consistent with leading in-
ternational frameworks and at the same time adapted
to marketing specifics, which allows it to be applied as
a diagnostic instrument for positioning an enterprise
and planning the transition to a higher level.

Quantitative modelling revealed the non-linear
character of the dependence of the effect on maturity.
The integrated economic effect index rises from 0.148
at the fragmentary level to 0.444 at the functional and
0.684 at the integrated level, and the decay of the mar-
ginal increment indicates a logistic rather than an ex-
ponential nature of the process. The gap between the
extreme levels in the share of enterprises with a signifi-
cant positive effect reaches 10.6 times.

The robustness of the detected regularity is en-
sured by multi-source triangulation. Three indepen-
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dent samples with a combined size of about 5,920
enterprises, collected on different markets and by dif-
ferent methodologies, record the same direction of the
maturity-outcome relationship with an advantage co-
efficient from 1.4 to 10.6. The convergence of estimates
allows the relationship to be treated as a manifestation
of a self-reinforcing cycle in which the reinvestment of
early returns forms a cumulative advantage of mature
enterprises.

The logistic adoption model, calibrated on real
temporal points, forecasts the growth of the share of
mature enterprises worldwide to approximately 78% by
2030. The Ukrainian market follows the same trajec-
tory with a lag of about one year: the indicator of 38.9%
in 2026 corresponds to the global level of late 2024, and
if the current pace holds, the share of domestic enter-
prises at the integrated level will approach 76% by the
end of the decade. This defines a strategic window of
opportunity for an accelerated narrowing of the gap.

he barrier transition coefficient (0.662) quan-

I titatively confirmed a high threshold of move-
ment between levels dominated by obstacles of

a technological and economic nature. The proximity of
the share of enterprises without barriers to the share
of advanced-level enterprises indirectly confirms that
the attainment of maturity is accompanied by the
overcoming of key constraints. The practical value of
the work lies in providing enterprises with a measur-
able self-assessment apparatus and in substantiating
the priority of investment in tool integration over their
mere accumulation. Further research should focus on
the sectoral verification of the model, above all in the
agrarian sector, and on the refinement of the trans-
formational-level parameters as longitudinal data on
leading companies accumulate. ]
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Tkauosa H. I1., Tkauos M. M., Mepepsa M. T. Llndpposa TpaHcpopmaLlia mapKeTUHroBoi AisNbHOCTI
AK haKTop nigBuLLeHHA eeKTNBHOCTI ynpaBiHHA 6i3HeCOM B yMOBaX Cy4aCHOro NpaBoOBOrO PerynoBaHHA

Y cmammi docnidxeHo ocobausocmi Yugposoi mpaHcghopmayii MapkemuH2080i GifIbHOCMI AK BAM/IUB020 YUHHUKA NIOBULEHHSA eheKmusHOCMI ynpags-
NiHHA GI3HECOM 8 YMOBAX CYACHO20 NPABOB020 pezyntosaHHa. OBIPYHMOBAHO, W0 8MPOBadHeHHA Yudposux mexHonoeil, 3okpema CRM-cucmem, Big Data,
Wmy4Ho20 iHMenekmy, yughposoi pekaamu ma naamgpopm enekmpoHHoI Komepyii, 3a6e3nedye NidsuUWEeHHA Pe3ynbMamueHOCMi MapKemuH208UX MPoyecis,
YOOCKOHANEHHA MeXaHi3mig npuliHAMMA yrpasniHCbKuX pieHs i hopmysaHHa 000amKosUX KOHKYPeHMHUX nepesae nionpuemcms. lposedeHo cucmemamu-
300 OCHOBHUX HANPAMI8 8MAUSY UUDHPOBUX MAPKEMUH208UX IHCMPYMeHMig Ha yIpasiHCLKy eghekmugHiCMb Ma BU3HAYEHO iX 83GEMO38’A30K i3 CY4aCHUMU
8UMO2aMU MPABOBO20 Pe2yMtoBAHHA Y CGhepax 3axucmy nepcoHanbHUX OaHUX, eneKmMpoHHOI Komepyii, Yudposoi peknamu, iHmenekmyansHoi enacHocmi
ma kibepbesneku. 3anponoHosaHo iHMezpanbHull iHOeK ehekmusHOCMI YugpoBo20 MapkemuHeay, AKuli dae 3Mo2y KOMMAEKCHO OYiHIOBaMU pe3yabmamu
yuepposoi mpaHcghopmayii MapKemuH2080i QifIbHOCMI 3 YPaXyBAHHAM eKOHOMIYHUX, YPaBAIHCLKUX i MPABOBUX MOKA3HUKIE. Po3p0obieHO KOHYenmyanbHy
Modenb yughposoi mpaHcgopmayii mapkemuHzo80i dianbHOCMI, wio 8id0bPaXae 83aEM00it0 MEXHOM0RIYHUX, MAPKeMUH208UX, YNPasAIHCLKUX | npasosux
KOoMMoHeHmig y €OuHIli cucmemi ynpaeniHHa bi3Hecom. Ha 0cHO8I NOPiBHANbHO20 GHAAI3Y 8CMAHOBAEHO MO3UMUBHUL 8MAU8 LUppPosi3ayii MapkemuH2080i
0ifIbHOCMI HA KOHBEPCito MapKeMUH208UX KAMMNAHIU, pieeHb yMPUMAHHS KaieHmis, WeuoKicme npuliHAMMS yrnpasniHCLKUX piwieHsb, peHmabensHicmes map-
KemuHa08UX iH8ecmuyili ma 3a0080neHicmb crnoxusadig. CUCMeMamu308aHO OCHOBHI MPABOSI PU3UKU YUhpo8020 MapKemMuHay Ma BU3HAYEHO MEXAHI3MU
iX MiHIMI3auii WAsXom 8MPOBAOHEHHA KOMMAGEHC-KOHMPOAI, MOMIMUK 3aXucmy 0aHUX, pUudU4HO20 ayoumy pekaamHoi disabHocmi, 3axo0ie Kibepbesneku
ma 3axucmy npas iHMenekmyanbHoi enacHocmi. JosedeHo, Wo ehekmusHicmb Yupposoi mpaHcghopmayii MapKemuH2080i JisnbHOCMI 3HAYHOK MiPOIO
3an1exume 8i0 pigHA iHMe2payii Yupposux iHCMpPyMeHMIg i3 cucmemoro Mpasoso2o 3abe3neyeHHs MionPUEMcMBa. [pakmuyHe 3HaYeHHS pe3yabmamie 00-
CNiOMHEHHA NONAAE Y MOKAUBOCMI BUKOPUCMAHHA 3aMPONOHO8AHUX MemoduYHuX nioxodie 0114 OUiHIBAHHA eheKmuBHOCMI YugPoBO20 MapKkemuHay ma
thopmysaHHa cmpamezili Yughposozo Po3BUMKY MidNPUEMCMS.
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